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The behaviour of a chemical system is encoded in the wavefunction, which
depends upon all electron coordinates - a 3N dimensional space. The
wavefunction can be found by solving the time-independent Schrédinger
equation:
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The Hamiltonian operator captures the kinetic energy and potential interactions
between the electrons and atomic nuclei of the system:
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Exact solutions are impossible for anything beyond the simplest systems. . .
An additional complication: electrons are fermions — The wavefunction must be BlCYClObUtane to 1, S—bUtadlene

antisymmetric with respect to exchange of pairs of electron coordinates.
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1. JAX implementation of FermiNet[T] o 7 Experiment References
o Improved GPU utilization from 60% to 90%. I | This work: Better, Faster Fermionic Neural Networks, JSS,
o Reduced memory overhead - can run bicyclobutane (30 electrons) with < DF. AB, WMCF. arXiv201107125 (2020)
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2. Efficient enforcing of boundary conditions lterations
o The wavefunction must go to zero at infinite distance from the nuclei.
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